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Mining Sales Patterns and Micro TrendsTRENDALYZE
to Improve Sales and-Btore Promotions axone ¢nNByRa
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SKU Performance Drives Retail

Finding trends at an SKUlevel at scale remains elusive to retailers.
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Visualizing the weekly store transactions of only 33 SKUs sold in just 86 stores.

How would a retail analyst find valuable trends in this haystack of data?
How would retailers automate micro trends detection for 10,000 stores and 10,000 SKUs?

How Micro Trends Drive
Sales Performance:

[

Periodic TrendswWeekly, bi
weekly, and monthly trends
such as spikes, dips, risers and
valleys, reveal opportunities for
SKU profit/margin improvement.

[

CorrelatedPeriodicTrends:
Correlated weelon-week
trends reveal opportunities to
predict and stimulate demand.

<

Correlated Product Trends:
Reveal cannibalization or
complementarities to
coordinate product placements
and promotions.



Trends Mining Drives Revenue Optimization

Analyzing store/SKU sales patterns at scale is a challenge for retailers.

A Analyzing the December sales patterns of just 86 stores is a daunting task.
A Sales patters comparisons help analysts pinpoint what works and does not work.
A Traditional Bl tools cannot be used as summarizations obfuscate the micro trends.

Sales Patterns Insights
Drive Tactical Decisions:

Intelligent trend clusteringof
stores (or SKUs) by monthly sales

patterns allows to identify
outperforming, declining and other
interesting store segments. The
patterns reveal causes and provide
insights about trenebased actions.

ExampleUnderperforming (red)
and overperforming (blue) stores
have very different patterns.
Outperformers have multiple sales
streaks, while underperformers
have no spikes and a downward
sales trend indicating potential
store management issues.



